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Abstract 

This report investigates the multifaceted landscape of FinTech talent ecosystem, offering 

a comprehensive understanding of FinTech talent movement and its implications. 

Through thorough analysis of large-scale talent data, this study underscores the global 

nature of FinTech research, where collaboration and innovation know no borders. Over 

the past two decades, Hong Kong emerges as a pivotal player in both the global and Asian 

FinTech talent ecosystems and acts as a bridge between East and West. Simultaneously, 

Hong Kong is also experiencing escalating competition from major Asian metropolises like 

Singapore, Beijing, Seoul, Tokyo, and Shanghai. These findings lay the foundation for a 

deeper exploration of the ever-evolving FinTech talent landscape, providing valuable 

insights for academia, industry, and policymakers, and notably, the future of FinTech in 

Hong Kong. 
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1 Introduction 

The dynamic and rapidly evolving field of Financial Technology, often referred to as FinTech, 

is at the forefront of technological innovation, redefining the way we conduct financial 

transactions, manage investments, and access financial services. In the era of digitization and 

automation, FinTech has emerged as a key driver of economic growth and competitiveness 

for nations and regions around the world. 

At the heart of this thriving industry lies an invaluable asset – FinTech talent. These 

individuals, possessing a unique blend of expertise in finance and technology, are the 

architects of financial innovation, pushing the boundaries of what is possible in the realm of 

financial services. Their ideas, insights, and creations not only shape the financial landscape 

but also hold the potential to enhance financial inclusion, improve efficiency, and boost 

economic prosperity. To fully harness the potential of FinTech, it is crucial to not only identify 

and nurture this talent but also to understand how it moves and collaborates across borders 

and institutions. The study of talent flow, a concept that examines the movement and 

affiliations of FinTech professionals, provides a powerful lens through which to gain insights 

into the interconnected world of FinTech innovation. 

In this report, we investigate the complex network of FinTech talent data, drawn from 

diverse sources including the Microsoft Academic Graph (MAG) and other authoritative 

repositories. We aim to uncover the underlying patterns, connections, and opportunities 

within this dynamic network of FinTech professionals. By analyzing the movement of talent – 

whether they are mobile, non-mobile, visiting, or hold joint appointments – we gain a 

comprehensive understanding of how the FinTech ecosystem evolves, adapts, and 

collaborates. 

This report goes beyond the numbers and statistics. It is a strategic exploration of the 

potential of FinTech talent flow data, offering a roadmap for policymakers, industry leaders, 

and educational institutions to harness and cultivate this invaluable resource. We will 

examine how FinTech talents migrate and assess Hong Kong's position in the global and 

regional landscape. The analysis may shed significant insights on how to attract, nurture, and 

retain FinTech talent in our vibrant city. 

2 Basic Description of FinTech Talent Data 

In this report, we use scientific data from MAG, OpenAlex, and ScisciNet to study the FinTech 

talent landscape as well as the talent mobility based on the institutional affiliation changes of 

talents. The compiled dataset comprises a wealth of information, including scientific 

publication records, citation relationships, authors, institutions, publication venues, and fields 

of study. Figure 1 presents a snapshot of the multi-dimensional talent profile page extracted 

from the compiled data. 

The comprehensive dataset covers 243,477,150 authors in total who had published at 

least two articles and were academically over two years old with the subjects. The two-year 

gap is established by aligning our mobility detection findings with Open Researcher and 

Contributor ID (ORCID) data. Leveraging ChatGPT, an advanced AI language model created by 
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OpenAI, we can classify publication records into the FinTech or other domain by extracting 

and analyzing the concept information associated with each article. By doing so, we gather a 

total of 150,597 authors within the fintech industry. This provides a solid data foundation 

dataset that serves as the cornerstone for subsequent analysis of FinTech talents. 

 

Figure 1. Multi-dimensional talent profile data 

3 Regional FinTech Talent Analysis 

3.1 Regional factors 

The analysis incorporates the following features to assess the FinTech talent landscape across 

cities: 

Author count: The total number of FinTech researchers affiliated with institutions in each city. 

Paper count: The total number of FinTech research papers published by authors affiliated 
with institutions in each city. 

Citation count: The total number of citations received by the FinTech research papers 
authored by individuals affiliated with institutions in each city. 

H-index: The H-index is a measure of an author's scholarly impact. It reflects the number of 
papers (H) that have received at least H citations. We use the H-index of authors to depict the 
global impact which goes beyond the FinTech domain. Figure 2 presents an example of such 
data, where the individual H-index are summed over the cities. 

Productivity: A measure of research productivity, represented as the number of papers 
published per author across domains. 

Averaged features by author count: The aforementioned features are also averaged by the 
author count for each city. This normalization helps account for variations in the size of the 
author population in different cities. 
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Network centrality: A measure of used in network analysis to evaluate the significance or 
importance of cities within the talent flow network. This measure helps identify key cities that 
play pivotal roles in the FinTech talent flow network's structure, connectivity, and talent 
exchange. Further analysis on this point can be found in the talent flow analysis section. 

 

 
Figure 2. H-index of the top twenty cities around the globe. 

 

3.1 Aggregate index 

To provide a comprehensive assessment of each city's role in the FinTech talent landscape, 

we applied Non-negative Matrix Factorization (NMF), a dimensionality reduction technique, 

to capture the underlying patterns and structures in the multi-dimensional dataset across 

different cities and time periods (2001-2005, 2006-2010, 2011-2015, 2016-2020). A set of 

mentioned features, including paper count, citation count, H-index, productivity, author 

count, and network centrality, are utilized to create an aggregate index that reflects each 

city's prominence in the FinTech talent ecosystem. 

Table 1 and Figure 3 present the normalized aggregate index (scaled from 0 to 100) of the 

top 20 (sorted by the average value across periods) cities, where a larger value indicates a 

more prominent role in the FinTech talent ecosystem. As indicated, Boston, London, 

Washington D.C., New York, and San Francisco consistently appear as leading cities in the 

FinTech talent landscape across all four time periods. Melbourne and Sydney show consistent 

growth in their rankings, indicating their increasing prominence in the global FinTech talent 

ecosystem.  

Hong Kong, a prominent global financial centre and a growing hub for FinTech, has shown 

significant performance and growth in the FinTech talent landscape across the analysed 

periods, but a slight drop in the rank is also observed during 2016-2020. For example, 

although the aggregate index of Hong Kong improves from 86.30 in 2011-2015 to 87.26 in 
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2016-2020, the rank has declined from the 6-th place to the 9-th place among the cities. On 

the contrary, Singapore has witnessed a slight increase in the global ranking, with the rank 

improving from the 16-th place to the 14-th place during 2006-2020. 

Figure 4 details the ranking of several major Asian cities according to the aggregate index. 

As we see from the figure, Beijing has witnessed a remarkable rise in its FinTech talent index, 

particularly from 2011 to 2020. This signifies Beijing's growing importance as a FinTech hub 

in Asia. While for Seoul, Taipei, and Tokyo, these cities showed varying levels of growth and 

performance. Seoul demonstrated notable growth from 2001 to 2015, Taipei maintained a 

relatively stable position, and Tokyo experienced a significant upswing from 2011 to 2020. 

Cities in India, including Delhi, Kolkata, and Mumbai, showed growth in their FinTech talent 

indices, reflecting the increasing interest and investment in FinTech in the region. 

In summary, the findings reveal a nuanced picture of Hong Kong's journey in the FinTech 

talent landscape. While it enjoyed significant growth and recognition from 2001 to 2015, the 

subsequent drop in rank highlights the need for continuous vigilance and adaptation in the 

highly competitive field of FinTech.  

 
 

Table 1. Aggregate index of the top twenty cities around the globe. 

City 2001-2005 2006-20010 2011-2015 2016-2020 

Boston, USA 100 100 100 97.89371847 

London, GBR 94.63712935 95.07088124 95.3151565 100 

Washington, USA 95.80185981 98.07058992 96.13720663 92.98756137 

New York, USA 87.96306844 91.85446173 86.72828804 94.55116446 

San Francisco, USA 86.02492008 89.96097284 90.90951652 89.05005199 

Hong Kong, HKG 81.2023655 85.18085885 86.29963617 87.26150691 

Melbourne, AUS 78.40266818 84.22262807 84.44108658 90.33908978 

Philadelphia, USA 88.80769547 82.76302254 81.56299041 83.92767066 

Sydney, AUS 79.11313276 83.50425517 82.91556393 88.37407379 

Los Angeles, USA 84.62323234 80.256264 82.16864459 78.63735015 

Chicago, USA 80.69752658 82.16503919 82.13165804 80.2650614 

Toronto, CAN 75.84957514 81.67583571 77.6822317 85.42194723 

Singapore, SGP 74.21790584 78.65172239 78.44203809 78.8670142 

Paris, FRA 73.75178112 75.55598626 79.91970098 78.46887782 

Oxford, GBR 72.24955791 71.23938415 81.29573816 77.55617155 

Atlanta, USA 74.67913495 73.16624254 75.37427327 77.81427835 

Cambridge, GBR 72.79763352 71.97635659 77.30347934 73.72892846 

New Haven, USA 72.67522568 82.42345747 70.92399222 68.81539236 

Brisbane, AUS 68.1492138 69.89976722 78.74004138 77.89014263 

Ann Arbor, USA 73.77162177 78.73222448 71.72099947 67.8586747 
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Figure 3. Aggregate index of the top twenty cities around the globe. 

 

 

 

 
Figure 4. Aggregate index of major Asian cities. 
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4 FinTech Talent Flow 

The landscape of FinTech is not static; it is a dynamic realm where talent flows shape the 

course of innovation and development. By analyzing the changes in academic affiliations over 

time, we can trace the career trajectories of FinTech professionals. This allows us to identify 

when and how scholars move between institutions, countries, and regions. There are 

67,568,366 talent flow records found in the compiled data, 414,471 of which are identified to 

the FinTech domain, documenting transitions between institutions before and after each flow. 

By understanding the nuances of talent movement in FinTech, we can gain insights into how 

innovation, expertise, and knowledge circulate through this dynamic industry, ultimately 

shaping its future trajectory. 

According to the mobility patterns, authors were divided into four categories: non-mobile, 

mobile, visiting, and joint appointments. The four categories are described as follows: 

• Non-mobile talent: Non-mobile talent refers to individuals who remain affiliated with a 

single institution over time. They are the steady pillars within organizations, contributing 

their expertise consistently. Understanding non-mobile talent is crucial, as it sheds light 

on the stability and internal growth within FinTech institutions.  

• Mobile talent: In contrast to non-mobile talent, mobile talent are individuals who exhibit 

a higher degree of flexibility in their career trajectories. They move between institutions, 

often seeking new challenges or opportunities for personal and professional growth. The 

mobility of such talent can indicate the interconnectivity and cross-pollination of ideas 

within the FinTech sector. 

• Visiting Talent: Visiting talent comprises individuals who temporarily affiliate themselves 

with institutions other than their primary base. This category often includes experts, 

researchers, or professionals engaged in short-term projects or collaborations. The 

presence of visiting talent highlights the importance of knowledge exchange and 

collaborative efforts in the FinTech ecosystem. 

• Joint Appointments: Joint appointments involve individuals who hold simultaneous 

affiliations with multiple institutions. These individuals are bridge builders, facilitating 

collaboration and knowledge sharing between different entities. Joint appointments can 

foster cross-institutional innovation and synergy, making them a critical aspect of the 

FinTech talent landscape. 

Understanding the movement of FinTech professionals is pivotal in discerning the intricate 

dynamics within this sector. To facilitate cross-city and cross-border comparison of FinTech 

talent mobility, we further compile institutional information from over 8,000 sources and 

refine this information with the assistance of ChatGPT to enhance the accuracy of 

geographical data pertaining to these institutions. This results in a solid data foundation 

dataset that serves as the cornerstone for subsequent talent flow analysis between countries 

and regions. Figure 5 illustrates a snapshot of FinTech talent movement between countries 

and regions around the globe. 
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Figure 5. Talent movement between countries and regions. 

5 Basic Analysis of Talent Flow 

To unravel the intricate landscape of FinTech talent, we begin with some basic analyses of the 

talent dataset. This essential phase of our investigation lays the groundwork for a 

comprehensive understanding of the mobility patterns, career trajectories, and geographic 

distribution of FinTech scholars. 

Figure 6 illustrates the proportion of mobile (including mobile, visiting, and joint 

appointments) and non-mobile FinTech scholars in various geographic areas in our data 

(including publication records before 2000). Notably, our analysis reveals that the overall 

mobility of scholars in the FinTech field is relatively low, with the number of non-mobile 

scholars outnumbering mobile scholars by a significant margin. FinTech scholars originating 

from Oceania, North America, and Europe countries exhibited a higher level of international 

mobility, surpassing the average. In contrast, scholars from Asia and North America showed 

lower levels of mobility. In particular, the number of mobile scholars in Oceania exceeds that 

of non-mobile scholars, a unique trend within the region. On the contrary, the number of 

mobile scholars in Asia is much lower than that of non-mobile scholars. 

In addition, Figure 7 provides a quantitative breakdown of the number of mobile and non-

mobile FinTech scholars across different geographic areas. Asia emerges as the region with 

the largest number of FinTech scholars, but the majority are categorized as non-mobile 

scholars, outnumbering their mobile counterparts by approximately four to one (see Figure 6). 

North America exhibits the largest number of mobile FinTech scholars, followed by Europe. 

Africa and Oceania stand out with fewer FinTech scholars, although Oceania records a slightly 

higher number of mobile scholars compared to non-mobile scholars. 
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Figure 6. Proportion of mobile and non-mobile FinTech scholars in different areas. 

 

 

Figure 7. The number of mobile and non-mobile FinTech scholars in different areas. 

 

Figure 8 presents the first career year of visit, migrant, and joint appointment of all the 

FinTech scholars across countries and regions. It highlights that institutional changes are most 

frequent during the initial decade of a scholar's career, peaking within the first five years. 

Subsequently, these changes become less frequent as the career path unfolds. In particular, 

the number of first-visit scholars is highest in their inaugural year and decreases over the 

course of their career. The number of joint appointment scholars reaches its peak in the 

57%

30%

48%

44%

21%

32%

43%

70%

52%

56%

79%

68%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

Oceanian

Africa

North America

Europe

Asia

all

Mobile Non-mobile

1,357 

2,336 

12,402 

11,850 

20,999 

1,697 

938 

11,239 

9,212 

5,080 

0 5,000 10,000 15,000 20,000 25,000

Oceanian

Africa

North America

Europe

Asia

Number of Scholars

Mobile Non-mobile



10 
 

second year, revealing a unique pattern in this category. Figure 9 specifically examines these 

mobility patterns within the community of FinTech scholars in Hong Kong. It mirrors the 

overall trend of more frequent institutional changes during the first five years of a scholar's 

career, followed by a gradual decrease in frequency. Compared with the overall FinTech field, 

Hong Kong's FinTech scholars exhibit a distinctive trend in the joint appointment category, 

maintaining a considerable number of such appointments throughout their careers.  

In the early career years, the migration rate of FinTech talents gradually increases, 

reaching its peak (by proportion) in the fourth year, in which approximately 12% of the total 

number of FinTech scholars undergo institutional changes (Figure 10). However, as these 

talents progress further in their careers, the migration rate experiences a gradual decline, 

eventually stabilizing at around 5%. This migration pattern suggests that the initial years of a 

FinTech scholar's career are characterized by higher mobility, potentially driven by factors 

such as exploration of research interests, career advancement, or academic collaborations. 

As scholars establish themselves within the field, their propensity to change institutions 

diminishes, aligning with a more stable career trajectory. 

 

 

Figure 8. First career year of visit, migrant and joint appointment of FinTech scholars. 
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Figure 9. First career year of visit, migrant and joint appointment of Hong Kong FinTech scholars. 

 

 

 

Figure 10. The proportion of authors who migrant to another affiliation during different career 
years. 
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Figure 11. (a) Top countries/regions with the largest number of FinTech scholars. (b) Top 
countries/regions with the largest number of mobile FinTech scholars. 
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feature in the global FinTech community, reflecting the collaborative and dynamic nature of 

the field. Despite ranking second in total number of FinTech scholars, China presents a 

relatively low number of scholars who have changed institutions, ranking sixth in this category. 

This constitutes only about 10% of the total number of China FinTech scholars, reflecting the 

comparatively lower mobility of FinTech talents in China.  

These basic analyses collectively provide a foundational understanding of the mobility 

trends and distribution of FinTech scholars on both a global and regional scale, highlighting 

nuances and regional distinctions within the field. Further in-depth analyses will offer 

valuable insights into the evolving dynamics of FinTech talent landscape and its implications 

for the society. 

6 FinTech Talent Flow Network 

6.1  Talent flow network 

Based on the institutional change of FinTech scholars, we construct the FinTech talent flow 

network. This network is a graphical representation that connects scholars, institutions, and 

regions based on talent movement recorded by affiliation tracking. Here we mainly focus on 

the mobile talents from one city to another. In practice, some cities in close geographical 

proximity are organized into metropolitan areas. For example, Cambridge, Massachusetts, 

USA is organized into the Boston metropolitan areas. 

Node and edge formation: In the network, nodes represent cities, and they are linked when 

scholars move between institutions. Edges, or connections, between nodes are established 

based on the movement of scholars. If a scholar transitions from one institution to another, 

an edge is created to link these two institutions and is then represented at the city level.  

Directionality and weight: The network can be directional, indicating the flow of talent from 

one institution or city (source node) to another (target node). Directional edges help us 

understand the movement patterns and the influence of different institutions and regions. 

Moreover, the constructed edge has its weight that signifies the strength of the talent flow 

between two institutions or regions. For example, if there are five scholars moving from city 

X to city Y, the weight of the directed edge X —> Y would be 5 with X acting as the source 

node and Y acting as the target node. For ease of presentation, we will represent a node in 

the form of a tuple (city, country/region code) and an edge in the form of a triplet (source, 

target, weight). 

Our analysis suggests that several major Chinese cities, including Beijing, Shanghai, and 

Guangzhou, are among the top destinations that receive a substantial volume of FinTech 

talent from Hong Kong, reflecting the significance of regional collaboration within the country, 

while Singapore and Sydney are the prominent sources of incoming FinTech talent to Hong 

Kong. Figure 12 presents a Fintech talent flow network that places Hong Kong at the centre 

and provides a visual representation of the connections and exchanges of FinTech talent with 

Hong Kong as the ego node. The diversity of sources and destinations in FinTech talent flow 
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of Hong Kong demonstrates the city's international appeal and indicates its role as a global 

central player in the international FinTech ecosystem. 

 

 

Figure 12. A Schematic of FinTech talent flow network with Hong Kong as the centre. 

  

Table 2. Network centrality of the top twenty cities around the globe. 

City 2001-2005 2006-20010 2011-2015 2016-2020 

London, GBR 100 100 100 100 

Boston, USA 92.45675 93.05562 94.91276 94.14922 

Washington, USA 91.45323 94.80418 95.96118 88.96003 

New York, USA 93.51553 96.50324 88.55201 89.1698 

Melbourne, AUS 84.10221 89.73302 88.71531 89.55922 

Sydney, AUS 77.81365 84.95703 80.1207 88.19925 

Paris, FRA 78.17816 78.54335 84.49651 77.37646 

San Francisco, USA 82.73087 79.97984 74.75697 80.41089 

Hong Kong, HKG 76.10804 82.0202 75.05817 75.48235 

Chicago, USA 74.43443 79.11151 67.37788 72.14542 

Los Angeles, USA 74.79541 69.71099 74.69681 69.61583 

Philadelphia, USA 75.68567 78.53761 68.81345 64.24522 

Singapore, SGP 69.04772 78.97968 73.86778 64.39828 

Toronto, CAN 62.73894 83.76163 61.33136 72.13672 

Brisbane, AUS 71.45227 72.66838 77.87858 57.22171 

Coventry, GBR — 63.98761 65.95396 74.88651 

Beijing, CHN 50.37904 62.5053 76.38161 79.95495 

Zurich, CHE 61.68592 72.37432 66.96665 62.19778 

Cambridge, GBR 65.03491 67.32091 66.85788 62.53852 

Note: ‘—' indicates the lack of data. 
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Figure 13. Network centrality of the top twenty cities around the globe. 

6.2 Network analysis 

We further conducted network analysis, specifically the PageRank analysis in network science, 

to evaluate the network centrality of each city in the global FinTech talent flow network. The 

PageRank metric takes both the connections (edges) between cities and the weights 

associated with these connections into account. To illustrate the evolutionary dynamics, we 

set 5 years as the analysis interval. The normalized PageRank score (scaled from 0 to 100) of 

the top 20 (sorted by the average PageRank value across the periods) cities is shown Table 2 

and Figure 13 where a larger value indicates a more important role in the FinTech talent flow 

network. 

The analysis suggests that London consistently maintains the highest PageRank score 

throughout the analysed periods (2001-2005, 2006-2010, 2011-2015, 2016-2020), followed 

by Boston. Beijing experiences significant growth in network centrality over the analysed 

periods, with scores increasing from 50.38 to 79.95. This indicates Beijing's rising importance 

in the global FinTech talent flow. Hong Kong, despite some fluctuations, maintains substantial 

network centrality, with scores ranging from 75.06 to 82.02. This reflects Hong Kong's position 

as a global player and a central hub for FinTech talent flow in Asia. Figure 14 further details 

the PageRank centrality score of 20 major Asian cities. 

These findings reflect the evolving dynamics of FinTech talent flow across key cities. While 

London and Boston consistently lead in the global network centrality, cities like Melbourne, 

Beijing, and Shanghai are experiencing significant growth, signifying the evolving landscape 

of FinTech talent exchange. Additionally, Hong Kong and Singapore maintain their 

prominence as vital Asian hubs in this ecosystem. These insights can inform strategies for 

talent development and collaboration in the FinTech sector across regions and cities. 
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Figure 14. Network centrality of major Asian cities. 

 

7 Summary and Outlook 

The FinTech sector is highly competitive, with many cities and regions vying for leadership.  

Through big data analysis, we've illuminated the evolution of FinTech talent, the mobility of 

scholars, and the regional dynamics of this thriving industry. Our analysis reveals Hong Kong's 

pivotal position in both global and Asian FinTech ecosystems.  

Over the past two decades, the strategic location, mature financial industry, and robust 

regulatory framework position Hong Kong as the Asian financial centre and a bridge between 

East and West. However, in the ever-evolving FinTech sector, it navigates challenges, 

including the rapid evolution of technological advancement, talent recruitment, nurture, and 

retention, as well as the evolving global and regional competition. This report can serve as a 

roadmap for navigating these opportunities and challenges, guiding the way toward a 

prosperous future for FinTech in Hong Kong. 

 

 

About Us 

The Laboratory for AI-Powered Financial Technologies Limited (AIFT) is at the forefront of 

developing and maintaining an Innovative Talent Hub base. The innovative talent hub base is 

a dynamic and multifaceted platform that serves as a focal point for nurturing, connecting, 

and empowering talent in various fields. The hub maintains detailed profiles of the talented 

individuals who are part of the ecosystem. This includes information on their education, 

expertise, professional experience, and accomplishments, and can help to identify the right 

talent for specific projects and collaboration opportunities. It also includes records of 
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collaborated articles, patents, citations, and joint initiatives among hub members, which 

further aids in understanding the extent of collaboration and the value it brings to the 

community. Integrated with external data sources, such as academic databases, news, 

industry reports, and market trends, we can also help in keeping the hub's activities aligned 

with the broader context of innovation and research. 

The innovative talent hub aims to catalyze transformative changes by bringing together 

individuals with unique skills, knowledge, and experiences, creating an environment where 

ideas flourish and breakthroughs become reality. It harnesses advanced data analytics and 

management tools to extract valuable insights, optimize resource allocation, and facilitate 

effective networking and collaboration. This data-driven approach empowers the hub to 

remain at the forefront of innovation and foster the growth of talent within its ecosystem. In 

the future, we will actively pursue directions including but not limited to the following: 

Talent Competitiveness Index: One of our primary missions is to offer region and city talent 

competitiveness index analysis for governments, businesses, and institutions. This index will 

provide critical information to policy and decision makers, contributing to assessing and 

evaluating the competitiveness of regions and cities in attracting, nurturing, and retaining 

talents. Our index will be based on global talent competitiveness, performance, and mobility 

data, supporting city strategic planning. 

Analysis and Prediction of Talent Mobility: Leveraging latest advances of AI technology, the 

talent hub allows an in-depth study of talent mobility patterns, predicting future trends and 

providing valuable insights for cities and organizations. We will analyze data to understand 

why talents move to certain cities and what they demand from cities and communities. This 

will aid in developing more attractive policies and practices. 

Talent Attraction Recommendations: By developing more advanced analytical tools and 

recommendation platforms, the talent hub will provide recommendation advice for talent 

attraction, assisting cities and institutions in better attracting and retaining key talents. We 

will offer customized strategies for recruiting, retaining, nurturing, and developing talents to 

meet evolving market needs. 

Top Talent Recruitment Solutions: We will offer top talent recruitment solutions for 

companies and institutions. Based on our innovative database and platform, we will connect 

employers and potential high-end talents, offering them broader opportunities and better 

career prospects. 
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